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Class learning is finding a description that is shared by all positive

examples and none of the negative examples.
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Hypothesis class JH -
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Version Space Learning -

most specific hypothesis, S
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most general hypothesis, G
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VC Dimension .-

A0 wgsd N Jalin as\m.cgm Gy a5 (S)p0 )s ©
3) Quap Oglats o 2V a ) 0l 0lg30
(unll5gs (Saiyaiws)

Gy Qs 2N )l s Sy Olgly a5 (S)ew ) e
siwlss LB agwlls a5 ©él he H  ause
aa 1) (abBi)aigas N H a5 sqi,e aids oiob
Cube asys ol Gy oy @ .85, (shatter)
) ba 9z 1y Adged N OSAMT

Vapnik-Chervonenkis (VC) N jlabos ooyl @ ©
VC(FH ) = N g0 @ ¢ sgf,6 aia5 Dimension
AW, 05y gulad

Srublo cspSoly



VC Dimension -
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Probably Approximately Correct (PAC) Learning
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Probably Approximately Correct (PAC) Learnin

Each strip is at most &/4

Pr that we miss a strip 1- &/4

Pr that N instances miss a strip (1 — &/4)N
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